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Introduction
A basic premise of economic theory is that company prot rates should converge to equality in competitive markets. Empirical studies, however, frequently nd that dierences in prots across rms tend to persist over time. Moreover, there is considerable variation across countries as to the speed with which rm prots adjust (or reach) their permanent values (e.g., Cubbin and Geroski 1987 , Waring 1996 , Glen and Singh 2004 .
These dierences could be due to the varying strength of anti-trust policies and countryspecic regulatory systems (Geroski and Jacquemin 1988) . One of the main conclusions of the literature has been that rivalry alone does not erase persistent asymmetries among rms.
The issue of the persistence of prot has been intensively investigated for advanced market economies, but the evidence for emerging market economies is rather scarce, probably due to lack of appropriate micro data. A study of emerging markets by Glen and Singh (2003) nds that both short-and long-term persistence of protability are lower in these markets compared to advanced markets. The authors conclude from this nding that competition intensity is higher in emerging due to: (i) lower sunk cost to enter markets, (ii) faster growth rates of rms, (iii) weaker role of governmental regulations, and (iv) the existence of many large business groups.
The aim of our study is to present further evidence on the persistence of prot in emerging markets by employing alternative methods in the empirical analysis. In addition, we study the determinants of rm prot as it provides further interesting insights into the dierences between emerging and advanced market economies. For example, the process of ownership structure establishment in transition economies is fundamentally dierent from that observed in more advanced economies. 1 In emerging economies, strong ownership concentration negatively aects rm performance as do underdeveloped capital markets. 2 Accordingly, we provide evidence on the determinants of prot related to the specicities of transition economies. In particular, we study the 1 See Pivovarsky (2001) .
2 Poorly functioning credit markets may constrain the expansion of companies (Tybout 2000).
1 role of rms' intangible assets, companies' ownership structure, and rm location play in regard to protability.
In the empirical analysis we employ three dierent, but complementary, methods.
First, in a novel approach, we use Markov chain analysis for studying the persistence of prot because persistence can be dened as the probability of remaining in the initial prot class. The Markov chain approach has the further advantage of allowing us to investigate the mobility of rms across dierent prot classes, i.e., their likelihood of switching prot classes. Second, we apply dynamic panel data analysis to assess the speed of adjustment of rm prot. Finally, to study the determinants of prots in emerging markets we use quantile regression techniques, which provide more valuable insights in this context than does the standard linear regression model. The rest of the paper is organized as follows. Section 2 provides a short literature review. Section 3 describes our data. In Section 4, the empirical analysis is performed using the Markov chain approach, dynamic panel data estimation, and quantile regressions. Section 5 sets out our conclusions.
Literature Review
Numerous studies present evidence that the average rm's prot comprises both permanent and short-run components, and that short-run shocks converge over time (see, e.g., Mueller 1986) . Earlier studies have estimated one rate of persistence of profitability for all rms. To avoid misleading results, Waring (1996) proposes considering a rm's protability as a combination of a competitive return component, an industry rent component common to all rms in the industry, and a rm-specic rent component. 3 The traditional structure-conduct-performance paradigm is challenged by more recent research that distinguishes between industry-and rm-specic eects. 4 McGahan (1999) nds that both rm and industry inuences are important, stating that (i) organi-3 Mueller (1977) argues that rm prot is comprised of a competitive return, a permanent rent component, and a transitory rent component.
4 The structure-conduct-performance paradigm postulates that certain market attributes, such as market concentration or barriers to entry, inuence rm behavior and determine protability.
zational studies are essential for understanding performance dierences in a cross-section analysis and (ii) industry studies allow for understanding performance over time. Mc-Gahan (1999) also demonstrates that the industry eects are more predictable for U.S.
corporations and have a large permanent component.
The industry view points out the importance of industry-specic indicators, such as market structure, rm concentration, and capital intensity, for explaining prot disparities and persistence. The results of Cubbin and Geroski (1987) suggest that considerable heterogeneities exist within most industries. These authors also nd that rms in highly concentrated industries adjust much more slowly toward long-run equilibrium prot rates. Caves and Porter (1977) argue that industry structure has a strong inuence on the persistence of rm-specic rents. Some industries have structural characteristics that impede entry and limit rivalry among companies.
The rm persistency view stresses the role of rm characteristics: size, market share, growth, advertising, research and development expenditures, and so forth. Mueller (1990) concludes that entry barriers can be maintained only by sustained innovation.
Thus, under the prot persistence theory, it is innovation competition, not price competition, that leads to persistent prots. The results of Ces (1998) conrm that rms that are persistent innovators and earn above-average prots have a high propensity to continue doing both, that is, they continue to innovate and earn above-average prot.
However, extra prot due to innovations can be only temporary, vanishing when competitors start to imitate the products or processes of the innovative leading rm. Moreover, Galbreath and Galvin (2008) and Zimbabwe), and conclude that both short-and long-term persistency of corporate prot rates for these seven countries are lower than those for mature economies. This is an unexpected result in that it implies there is a higher level of competition in emerging markets. However, none of the countries examined by Glen and Singh (2003) had experienced a planning economy. Therefore, our study makes a special contribution to this issue as it examines prot persistence in case of an ex-planning economy. We include the following factors for explaining prots: year, industry, and rm location dummy variables. Time dummies are included so as to capture business cycles. We adopt the regional division of Ukraine into six economic regions for specifying regional 6 The reliability of estimated transition probabilities in Markov chain analysis requires a suciently large number of observations. dummy variables indicating the regional location of rms. Two-digit industry classication codes are used for specifying industry dummy variables. 7 The data allows us to distinguish three levels of diversication. 8 We dene a variable Divers that describes the number of business elds in which a company is engaged. This variable takes the value of 0 for companies that specialize in just one area, the value of 1 when a rm operates in two industries, and if more than two industry codes are reported, Divers takes a value of 2. We also dene two variables to capture the inuence of ownership.
The rst variable, Owncon, measures ownership concentration and is given a value of 0 when a rm has a diluted ownership structure; if a person or another rm owns a signicant proportion of the company's shares (more than 25 percent), it takes the value of 1. However, since dierent types of stakeholders might have a dierent impact on the rm, we use the variable Owner to indicate whether the owner is a corporation or an individual (it takes value of 0 or 1, respectively). The list of additional rm-specic applicable characteristics includes the size of company, the rm's leverage and liquidity, and the rm's intangible assets.
We use two measures of prot rate in the analyses: price-cost margin (PCM), which is dened as revenue minus costs relative to revenue, and return on assets (ROA), which is dened as operating prots divided by the assets of the rm. As can be seen from Table   2 , rms from highly concentrated industries (e.g., Mining, Metallurgy, and Energy) tend to have a higher average level of PCM but much lower ROA. Interestingly, these same industries also have characteristics that impede entry or limit rivalry among members.
Furthermore, rms from these industries are commonly heavily subsidized in Ukraine.
Due to anticipated problems with misreporting of company prot, we prefer to use both measures of prot in the analysis. As rms are likely to report downward-biased values of their prot, ROA may be a more inaccurate measure of prot in an emerging economy compared to an advanced one. The price-cost margin is likely to be a more 7 The CCEA (Classication of the Categories of Economic Activity).
8 Van Phu et al. (2004) investigate the performance of German rms in the business-related service sector. They conclude that age and the degree of diversication have a negative impact on rm performance; additionally, credit relations with several banks allow rms with declining sales to improve their situation. 5 reliable measure for tracking the real performance trends. Hence, in our analysis we use price-cost margin as the key variable. ities matrices to investigate how income levels converge across dierent countries. 10 We use the Markov chain approach in our analysis to explore the convergence and mobility of Ukrainian rm prot rates.
Let y t s denote the prot rate of rm s at time t. A discrete-time Markov chain process requires that the following relation P {y t+1 s = j|y t s = i} = p ij hold for the sequence {y 0 s , y 1 s ...}, meaning that this is a stochastic process such that the probability p ij of a random variable y being in the state j at any point of time t + 1 depends only on the state i it has been in at point of time i. In other words, future developments during any transition period t to t+1 depend only on the value in t. Thus, the transition among classes can be described as:
where F y denotes the rm protability distribution at time t and t + 1, respectively.
The discrete-time Markov chains allow tracing the development of rm behavior over time and examining intra-distribution mobility as well as persistence of rm protability.
Under this approach, transition probability matrices can be estimated, which provide useful information regarding persistence as they describe the probability that a rm switches from one prot class to another. To obtain valid estimates and reasonable transition probabilities, two important prerequisites must be met: (i) time invariance of the data-generating process and (ii) a suciently large number of observations. The latter imposes additional requirement on the formation of optimal bandwidth. Taking into account the structure of our data, it is reasonable to dene ve, equally sized groups so as to meet the requirements of the Markov process: (1) the least protable rms; (2) low protable rms; (3) protable rms; (4) high protable rms; and (5) the most protable rms. Accordingly, the rst and second groups comprise companies with low 10 A similar technique is developed in Quah (1996), Bickenbach and Bode (2003) , Ces (2003) and
Geppert and Stephan (2008).
prot rates, while the fourth and the fth classes are rms that have above-average prot.
The transition probability matrices are estimated using the sample of rms for yearly transition periods (Tables 4 and 5 for PCM and ROA, respectively). In the case of strong prot persistency, all elements on the main diagonal should be close to 1. Thus, since the elements on the diagonal have values above 0.2, the results show a moderate persistence of prots. However, we nd a stronger persistence in the low and high prot classes,
where the transition probability is around 0.4 (Bickenbach and Bode 2003) .
The so-called half-life coecient is a useful tool for evaluating the mobility of rms across prot classes (Shorrocks 1978) . The half-life coecients suggest the speed of convergence toward the equilibrium distribution for a Markov chain with transition matrix P . 11 In our case, the half-life coecients imply a relatively quick convergence:
the equilibrium state will be achieved after two years.
It is useful to compare these results with predicted outcomes/probabilities conditioned on the determinants of prot. To this end, multinomial logit regressions are employed despite the ordinal scale of our dependent variable.
12
The reason for employing this technique is to obtain the predicted transition probabilities of inter-group movements (Tables 4 and 5 The issue of prot persistence is usually analyzed as a time-series problem because in the structural model prot persistence is dominated by the impact of past prots (Goddard and Wilson (1999)). The majority of relevant studies implement the following empirical model:
where π it is normalized to the industry average prot of rm i in a given period t, α i and λ i denote the parameter of the lagged dependent variable, and u it is i.i.d error term.
Empirical research is chiey interested in the estimation of λ i , as it indicates the speed of adjustment. If λ i is close to 1 it means that there is slow adjustment or, in other words, a high persistence of prot in successive periods. However, if λ i has a value close to 0, it suggests that the prot level in the previous period does not aect the prot level in the current period, hence indicating the absence of prot persistence. Goddard and Wilson (1999) summarize the most prominent studies in this eld (Table   1) . Mueller (1990) , for instance, using a sample of U.S. corporations, nds that the speed of adjustment is about 0.18 on average, which is a low value and thus can be viewed as a deviation from the more usual trend. However, he states that the long-run prot rates dier signicantly across rms and that the deviation of their prot above the norm appears to be quite stable for a remarkably high share of the rms (69 percent).
Comparing the outcomes across advanced countries, the main conclusion of Glen and Singh (2003) is that the persistency of prot rate for developing countries is lower than that of companies in advanced countries.
To provide additional evidence on the persistence of prot in emerging markets we use the GMM-SYS estimation technique as an alternative to the commonly applied regression methods in prot persistence studies. The model is specied as: (2003) where x it is a vector of exogenous regressors,
We include the variables described in the previous section to control for important inuences on the prot rate. The size of company, intangible assets, and liquidity are presumably the most inuential determinants of protability of rms in emerging markets. Ownership structure and regional dummies are expected to provide some further evidence on the peculiarities of a transition economy. Moreover, each equation includes the diversication, year, and industry dummy variables.
The econometric model is estimated using the two-step GMMSYSTEM dynamic panel estimator, which is the preferred estimator in our case, as it, unlike the usual GMM estimator, uses not only transformed equations but also combines transformed equations with level equations (see Blundell and Bond (1998) Table 6 reports the estimated parameters of the determinants of protability measured by PCM and ROA. All estimated coecients are in line with our predictions.
The main focus of our investigation is on the speed of prot adjustment which can be calculated from the estimated parameters on lagged prot rates. The estimated λ i is 0.4146 and 0.6965 for ROA and PCM respectively (Table 6 ). These parameters enable the calculation of the half-life measure, which can be used as a further robustness check.
We achieve results very similar to those obtained from the previous Markov chain tech- The estimation results furthermore suggest that regional eects are important for explaining dierences in prot rates ( 
Determinants of Firm Prots
To study the determinants of prot in more detail, we perform quantile regression anal- Tables 7 and 10 report the results from the quantile regressions for PCM and ROA, respectively. From these tables, we can observe, rst, that the explanatory power of the models is higher for both the least and the most protable rms. As expected, the outcomes for ROA demonstrate a positive signicant association between protability and size, which is consistent with theory and also a plausible nding for transition countries in particular. Tybout (2000), for example, points out that due to particular features of emerging markets, large rms have some advantages: (i) policies favor larger companies, while inhibiting growth among small rms, (ii) as a rule, large-scale producers are selected for special subsidies, (iii) banks view larger companies as relatively less risky and cheaper to service, and thus these companies are given preferential access to credit, (iv) protectionist trade policies are more likely to favor large rms, (v) and capitalintensive rms can lobby the government more vigorously.
A signicant positive eect of rm size on PCM is found only for lower quantiles.
The protability of rms with average levels of PCM is not sensitive to rm size, while negative coecients for size are obtained for their more protable counterparts. This implies that the size of less protable rms is of great importance for enhancing PCM.
However, more protable rms try to reduce size so as to maintain a higher PCM. Apparently, this issue is related to the eective scale question, since the most protable companies do not benet from large size in achieving extra PCM and they are inclined to report higher levels of ROA. This issue is especially notable as large relatively unprofitable rms have a much better chance of surviving compared to protable but smaller companies (Singh 2003).
Glen and Singh (2004) argue that emerging market companies have a higher level of xed assets than their counterparts in advanced markets. This is an important statement, since high prot can be maintained only by sustained innovation (Mueller 1990 ).
However, Galbreath and Galvin (2008) emphasize that tangible assets cannot be the source of permanent competitive advantage because they are observable factors and, thus, can be easily imitated by rivals, and that it is only reputation, patents, and other intangible assets that result in abnormal prot. Therefore, it is interesting to look at whether the share of intangible assets in the structure of total (or xed assets) allows rms to obtain higher prot. Our results demonstrate that PCM is positively related to intangible assets, while there is no eect of this variable on ROA.
An interesting aspect of the prot persistence issue is companies' capability to smooth cash-ow shocks. To estimate this eect, we dene the liquidity ratio, which characterizes rms' cash constraints. Ukrainian banks with political aliations operate with an objective function dierent from that of strict prot maximization. The inuence of ownership structure on prot persistence is additionally examined by controlling for the type of main stakeholder. 15 As predicted, if the dominant shareholder is a private individual, there is better rm performance. The behavior of the most (least) protable companies is totally dierent from the main group of rms in the case of PCM (ROA) as it is not sensitive to the impact of ownership structure.
To gain a deeper insight into the processes aecting the prot rates, we run quantile regressions for rm-specic averages (between-rm regressions)and for within-rm transformed variables (within-rm regressions). The results for within-rm quantile regressions are reported in8 and 11 for PCM and ROA, respectively. Tables 9 and 12 set out the outcomes for the between-rm quantile calculations, the most interesting of which is the positive signicant coecients for liquidity, a nding that conrms our previous hypothesis. The signicant inverse relation between ROA and intangible assets for regressions based on within transformed variables is found for the rms with the lowest and the highest rates of prots. This result implies regardless of the fact that these rms have invested heavily in patents and licenses, they still perform poorly. Very similar results were found by Coad and Rao (2008) . Finally, it should be mentioned that models based on rm-specic averages have more explanatory power and validate the principal tendencies described above for both measures of prot rate.
15 In general, corporate owners are assumed to have lower cost of monitoring the rm's management because of greater expertise. Garner et al. (2002) note that the market value of a company is sensitive to the percentage of institutional ownership.
5 Conclusions
The aim of our paper is to provide evidence on the hypothesis put forward by Glen and
Singh (2003) To complement and further substantiate these ndings, we use dynamic panel data techniques, enabling us to evaluate the speed of prot convergence in Ukraine. The estimates vary between 0.415 and 0.697 for return on assets and price-cost margin, respectively, implying a comparatively low speed (six years) of adjustment of prots to their steady-state value. Overall, the ndings for Ukranian rms do not signicantly dier from results that have been found in other empirical studies for rms in more advanced economies, which is a surprising outcome of our study.
Regarding the determinants of prot, one noteworthy result is the signicant impact of ownership structure and regional location of rms. Firms located in the North-Center of Ukraine have, c.p., a higher protability than rms located in other regions. An unexpected negative relationship between prot and ownership concentration appears to be related to the misallocation of nancial resources within business groups (Khanna and Palepu 2000) and to the eect of dierent objective functions for prot maximization of Ukrainian rms (Baum et al. 2008 ). However, the ownership concentration exerts a direct inuence on prot if the blocking share belongs to a private individual, a nding that is in agreement with Estrin and Wright (1999) .
Taking into account rm heterogeneity, it is worth noting the varying impact of prot determinants at the high and low ends of the prot distribution. The results of the quantile regressions indicate that cross-shareholding and agency issues play a role for explaining prot in emerging markets.
15 is dened as the current assets to current liabilities ratio. Leverage is the rm's debt to total assets ratio. Intangible Assets is calculated as a share of intangible assets in total assets. P i -initial probabilities. P j -destination probabilities. * -unconditional probability. * * -conditional probability.
(1) the least protable rms; (2) low protable rms; (3) protable rms; (4) highly protable rms;
(5) the most protable rms. P i -initial probabilities. P j -destination probabilities. * -unconditional probability. * * -conditional probability.
(5) the most protable rms. Note: Return on Assets (ROA) is constructed as EBIT to assets ratio. Size is measured by logarithm of sales. Intangible Assets is calculated as a share of intangible assets in total assets. Liquidity is dened as the current assets to current liabilities ratio. Leverage is the rm's debt to total assets ratio.
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Owncon is a dummy variable that takes value of one if the rm has concentrated ownership structure.
Owner is a dummy variable which equals one if dominant shareholder is an individual.
Each equation includes year, industry, and diversication dummy variables. Reference category for regional eects is North-Center. Standard errors are reported in the parentheses. * signicant at 10%; ** signicant at 5%; *** signicant at 1%. Note: Return on Assets (ROA) is constructed as EBIT to assets ratio. Size is measured by logarithm of sales. Intangible Assets is calculated as a share of intangible assets in total assets. Liquidity is dened as the current assets to current liabilities ratio. Leverage is the rm's debt to total assets ratio.
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Owncon is a dummy variable that takes value of one if the rm has concentrated ownership structure. Note: Return on Assets (ROA) is constructed as EBIT to assets ratio. Size is measured by logarithm of sales. Intangible Assets is calculated as a share of intangible assets in total assets. Liquidity is dened as the current assets to current liabilities ratio. Leverage is the rm's debt to total assets ratio.
Each equation includes year, industry, and diversication dummy variables. Reference category for regional eects is North-Center. Standard errors are reported in the parentheses. * signicant at 10%; ** signicant at 5%; *** signicant at 1%.
